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LSTM-RNN (Our Approach) SVM Gaussian Naive Bayes
Encoded Image HOG Optical Flow Encoded Image HOG Optical Flow Encoded Image HOG Optical Flow
Training 86% 99.376% 97.5% 53.38% 54.25% 95.13% 98.63% 99.88% 68.25%
Accuracy
AT"S““B 73% 69% 63% 49.5% 49.5% 66% 64% 60% 57.5%
couracy
Table 1
LSTM-RNN (Our Approach) SVM Gaussian Naive Bayes
Encoded Image  Encoded Image  Optical Flow Encoded Image  Encoded Image  Optical Flow Encoded Image Encoded Image  Optical Flow
+ + + + + + + + +
HOG Optical Flow HOG HOG Optical Flow HOG HOG Optical Flow HOG
::""”"“g_ 94.75% 88.74% 98.12% 53.25% 91% 91.125% 96.625% 8% 74.375%
curacy
AL?J}EEV 75% 66.5% 64% 45.5% 68.5% 67.5% 64% 3% 60%

Table 2



Raw Image  HOG Optical Flow

Training
Accuracy 50.5% 48.0% 92.13%

Testing
Accuracy 46% 47.5% 78%
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Social Co-Robot  People in Service Industry
Accuracy (%) 90% 86.67%
TP rate (%) 56.67% 53.33%
FP rate (%) 10% 10%
TN rate (%) 3333% 33.33%
FN rate (%) 0% 333%
® Robot:CORR Service:CORR
® Robot:CORR Service:FALSE
@ Robot:FALSE Service:CORR
® All FALSE
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